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Effectiveness of interventions for managing
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adults: a systematic review and meta-analysis
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Table 1: Summary of pooled results

Intervention No. of
element(s) RCTs (no. of Disease clusters  Pooled effect size
Outcome Comparison shared by RCTs patients) (no. of RCTs) (95% Cl) **, % GRADET

Primary outcomes: chronic disease management

Depression Care coordination; ED v. ED + CM + SM 2 (448) COPD + DEP (1) SMD -0.41 0 YYTe)
usual care or control DM + CVD (1) (-0.59to -0.22)F Moderate
NN N BN BN BN BN BN BN BN BN BN BN BEEN NN BN BN BN BN BN BN BN BN BN BN BN BN BNEN BN NN BN BN B B BN BN BN BN BN BN BN NN BN BN BN B B B BN BN BN BN BN BN BN B BN B B B B B B B S . .y
1 HbA, Care coordination; ED v. ED 3 (500) DM+ CVD (1) MD -0.27 50 ®D00 :
: usual care DM + COPD + HF (1) (-0.66 to 0.13) Low 1
I DM + DEP (1) :
: ED +CM 2(207)  DM+CVD (1) MD -0.51 0 ooa0 |
i DM + COPD + HF (1) (-0.90 to -0.11)1 Moderate :
h------------------------------------------------------------------
Systolic blood ED; SMv. usual care ED + SM 2 (354) DM + CKD (1) DMC -0.44 0 @000
pressure DM+ CVD (1) (-4.49 to 3.61) Very low
Mortality Care coordination; ED; ED 4 (550) COPD + DEP (2) RR 0.79 0 DDD0
IHT v. usual care COPD + HF (1) (0.53t01.17) Moderate
HF + DEP (1)
Secondary outcomes
Use of mental Care coordination; ED v. ED +CP 2 (688) DM+ CVD RR 2.57 0 Y1 Te)
health services  control DM + DEP (1.90 to 3.49)% Moderate

Note: Cl = confidence interval, CKD = chronic kidney disease, CM = case management, COPD = chronic obstructive pulmonary disease, CP = care pathways, CVD = cardiovascular disease,
DEP =depression, DM = diabetes, DMC = difference in mean change, ED = education, HbA,. = glycosylated hemoglobin, HF = heart failure, IHT = information health technology, MD = mean
difference, RCT = randomized controlled trial, RR = relative risk, SM = self-management, SMD = standardized mean difference.

“Statistical heterogeneity as defined by the /? statistic.?®

TGRADE was assessed using GRADEPro.*

IStatistically significant.
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Model NCD : msUaviiuna:nunuisalidaciatsosy (DM)
Training Data _ Learning Phase | Test Data Inference from Model
1.7 awu records g -~z d%q_% == (€5 1.6 31U records B -

Training data  Features vector  Algorithm Test data Features vector Model Prediction

1.04 ahu Record

Model Machine Learning huushdnnuaArydalonmanmsuislsauiHau 10 Suduusn

ouQuU cpuus ADSUNECOULUS Sosga:
o1¢)

1 age 1 19.43
2 BSLEVEL sz:quuhmatutdaa 1054
3 CHRONIC AsUedIgTSAEDSVAU 893
4 lcd | MsUUleTsAsS:UUTHagUlara 6.82
5 SBP Systolic Blood Pressure 6.09
6 WEIGHT LhHUNCED 6.03
7 lcd R ASYUUIEDINISLazAIURQUAaWUDINATSASIDNIVASTNY 5.45
8 BMI Qsdudame 497
9 SEX LWFA 3.82
10 icd E AsUUlgTsAciDUISND TABUINS LazluQ:=Udadu 254
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AutoML Tables

Google Cloud Platform 8¢ miNewDM + Q  Search products and resources
—. .
T:: Tables & untitled_1597919402951
— IMPORT TRAIN MODELS EVALUATE TEST & USE
= Datasets
° Models
Summary Target column Additional parameters:
Total columns: 52 Select a column to be the target (what you want your model Data split: Automatic
Total rows: 1,713,059 I%Eericgﬁ,;ild add optional parameters like weight and
EDIT ADDITIONAL PARAMETERS
ill v
Numeric 34 (65.38%) TRAIN MODEL
Categorical 18 (34.62%) The selected column is categorical data. AutoML Tables will
build a classification model, which will predict the target
from the classes in the selected column. Learn more
= Filter (7] [1]
Column name @ 4 Data type @ Nullability @ Missing% (Count) @ Invalid values @ Distinct values @ Correlation with Target @
age Numeric - 0 Nullable 0% (0) 0% (0) 98 0.033
ALCOHOL Categorical = @ ruiable 016% (27 0% (0) 6 0.002
AMPUR Categorical ~ 19 Nullable 0% (0) 0% (0) 129 0.009
BMI Numeric - ‘ Nullable ( 664 0% (0) 3,160 0.02
BSLEVEL Numeric - I Nullable 0% (0) 0% (0) 395 0.011
CHANGWAT Categorical 0 Nullable 0% (0) 0% (0) 34 0.003
CHRONIC Categorical I Nullable 0% (0) 0% (0) 2 0.016
<l cID Categorical  ~ B Nullable 0% (0) 0% (0) 1,707,398 0.011



AutoML Tables

Google Cloud Platform e miNewDM + Q  Search products and resources
i Tables & untitled_1597919402951
— IMPORT TRAIN MODELS EVALUATE TEST & USE
= Datasets
L | Models Model Binary classification model
untitled_15979194_20200821073506 v Aug 21,2020, 7:39:09 AM
Training cost: 12 node hours
Target Feature columns Optimized for AUCPR @ AUCROC @ Accuracy @  Logloss @
ill 48 included AUC ROC 0.110 0.800 98.8% 0.057
171,843 test rows
Metrics are generated using the least-common class as the positive class. Accuracy based on score threshold of 0.5
=> EXPORT PREDICTIONS ON TEST DATASET TO BIGQUERY You have up to 30 days to export your test dataset to BigQuery
= Filter labels : -
1
0 — Score threshold ————— 0.50
9
1 : F1score @ 0.005
Accuracy @ 98.8% (169,713/171,843) §
©
@
Precision @ 83.3% (5/6) &
True positive rate (Recall) @ 0.2% (5/2,134)
False positive rate @ 0.000 (1/169,709)
< 0% 100%

o =1 i =3 ini
The score threshold determines the minimum level of confidence -
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":*. douawios NCD Uonw (¢ consentrorm @ wnds=uu
wilanosua AOUAL DMHT 1G4 adu. / aonaiisu Sasdowibs Consent
43,025 2,084 7,811 [ 161 16 AU 0
Auit B, K1
Consent RPN X TR THIT R PETEY DM & HT & DMHT a aasIlaan
3801 - fdand 0 1,587 37 9,256 730 3,260 370 1:6 A
3802 - wsLasay 0 665 b 4 b44 794 1,962 395 17 Au
3803 - TdWau 0 1,024 35 6,703 353 2,423 189 17 Pu
3804 - v 0 1,810 13 8,601 1,028 3,363 496 15 Au
3805 - 1haam 0 650 9 3,120 195 1,260 94 1:5 Au
3806 - daTleanad 0 865 0 4 513 579 1,736 266 15 Au
3807 - M371a 0 792 60 4,225 358 2,026 194 1:5 fAu
3808 - vaman 0 418 1 1,963 149 602 60 15 Au
531 0 7,81 161 43,025 4,186 16,832 2,084 1:6 AU

nA 2563



ﬁ. douawlod NCD Uonw (¢ consentform @ Nds:uu
WUoEnoKUQ AJUAW DM / HT laa 2du. / aonxwau anstowUse Consent

42,349 1,495 (3.53%) 8,01 / 4,039 15 AU 3,149

ViU D, AppH

TRIPTEY aavzuiau DM & HT & DMHT & Consent dasianrl

3801 - dand 1,593 1,198 / 715.20% 52 /1,643 137 /3,967 28 /3,130 2.312/78,740 1.7 Au
3802 - wsasey bob 229 [ 33.38% 85/ 749 193 /2,105 64/1,738 a4 /4,592 1:20 au
3803 - Teividn 1,066 390/ 3591% 711459 412933 172341 076,733 1:17 au
3804 - vz 1,853 905 [ 48.84% 11471,567 225 [ 3,493 65 /3,559 260 /6,619 1:10 au
3805 - thnata 673 347 [ 51.56% 41/ 659 6/1.410 3 /961 227 13,030 1:9 au
3806 - daTnavas 869 448 [ 50.39% 37/ 499 199 /2,346 26/1,708 246 1 4 553 1:10 au
3807 - M571a al3 294 [ 36.61% 341752 145/ 2,006 2511,444 0/4202 1:14 au
3808 - Yaaan 428 226 [ 53.27% 0/146 211105 0/629 071,880 1:6 Au
57U 8,011 4,039 [ 50.42% 3707474 913 /19,365 212 115,510 3,149 [ 42,349 1:10 au

e 2563
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Model Telemedicine on Cloud NCD

— #» Accounting on cloud (R8ERP)
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e & 4 t

® INYN |
; | :
; * 31881 : Real time one stop service l
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Model Herbal medlcme NCD

. N . .
Preliminary Result EL ﬂ']'iﬂ']l;ﬁﬂﬂ'ﬁﬁia !
i . 1 a ' P : : I
° Patient : 7 cas(es g ° P UagUNIU 8193 hypoglycemia | : ° Patient : 1300 cases |
*  Duration 157 (63-259) days Fosfinishnnu anefldeeifu ! v ¢ o 2 :
. 4 y : - Haans Wiazenn naudud 2563 ,
HDALC anaq 1ane 1.22 (0.3-24) o padndupsuzsziunasifueddey 1 ! :
*  Usual dose 1x2 ac Dusosly sedvhmaludonaglss 1 1 wnlHAENG AT !
®*  Maxdose 2x2 ac (HbALC an 2.4) anadsaE T oustlaaty V. ®* 1lcase: HbAILC reduce from 14 to 7 |
° No hepatitis . ., - N e e e s s . s s
P ®*  Good compliance !
* No GFR decline ®*  Weight reduction :
* Low Price : 0.70 Baht ,
° Good Compliance ,
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